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Introduction

ADOS-Based Autism Simulator (ABASim)

Autism Spectrum Disorders (ASD) are a set of developmental disorders
prevalent in 1 in 68 individuals in the USA, and affects core areas of a child’s
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development including verbal and non-verbal communication, reciprocal social
ABASim, based on ADOS. It
interaction, and repetitive behaviors. Because of their predictability and
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diagnosis pipeline to stochastically
the context of autism therapy. However, increasing the autonomy of such
output behaviors starting from
agents is challenging because the behaviors exhibited by children with ASD
high-level descriptors of the child,
vary greatly. We believe that the ability to simulate the behaviors of these
namely the age (A), language
individuals in the context of a structured interaction can potentially greatly
ability (L), and ASD severity (S),
contribute to informing the decision-making of these robots. An embodied
as illustrated in Fig. 5. To generate
version of this simulator could also be used to enhance the diagnostic training
a synthetic feature vector from the
of autism therapists.
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Fig. 5. ABASim pipeline from descriptors to behaviors

Embodied Visualization using a Nao Robot
We designed and validated 16 selected behaviors along 4 different features with varying
severities and implemented them on a NAO robot as part of an autonomous agent
capable of interacting autonomously with a human playing the role of a therapist.
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